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FAST FINDINGS 
The Saver’s Match Simulation (SMS), developed by Retirement Clearinghouse (RCH), models 

the anticipated operation of the federal Saver’s Match Program over a ten-year period (2027–

2036), simulating millions of annual matching contributions. Using a discrete-event simulation 

framework, the model evaluates how a specific solutions framework – paired with alternative 

taxpayer claiming behavior and industry market-hub adoption assumptions – influence the 

successful delivery of federal matching contributions to qualified retirement accounts. 

 

Across four modeled scenarios, the SMS validates the use of a clearinghouse model, paired 

with a transitional Saver’s Match IRA (SMIRA), while revealing that end-to-end system outcomes 

are highly sensitive to both eligible taxpayers’ claiming rates and the retirement market’s 

adoption of a centralized matching solution.  
 

Finding #1: A Clearinghouse Model is a Prerequisite to Program Success 

A clearinghouse model had insurmountable advantages of being: 

• Able to handle the projected volumes of matching contributions from the U.S. Treasury 

• Highly adaptable to the needs of a mobile workforce 

• Able to identify and handle error conditions 

• Proven and in production 

• Already accepted and implemented by a large sub-set of defined contribution 

recordkeepers 

 
 

Finding #2: Throughput Is Highly Sensitive to Claiming & Adoption 

The SMS demonstrates that end-to-end system performance is primarily driven by two key 

variables: 

• Taxpayer claiming behavior (50–60% low curve; 75–80% high curve) 

• Market hub adoption among retirement plan providers (25–50% low; 70–90% high) 

 

Higher adoption, combined with higher claiming, generates a dramatically greater volume of 

matching contributions that quickly reach target qualified retirement accounts. 

 
 

Finding #3: Match Rates Exceed Adoption Rates 

Across all modeled scenarios, match rates consistently outperformed underlying market 

adoption levels due to: 

• Alternating between event-driven and data-driven matching methods 

• High rates of job-changing (“savers in motion”), which create new match opportunities 

• Multi-year overlap of claiming filers, enabling matches in later years as adoption and 

employment statuses change. 

 
 

Finding #4: A Saver’s Match IRA (SMIRA) Is Central to Program Success 

In our simulation, the Saver’s Match IRA (SMIRA) plays a pivotal operational role by: 



• Receiving and safeguarding federal matching contributions immediately upon IRS return 

processing 

• Serving as a buffer between Treasury processes and private-sector plan providers 

• Supporting automated, accurate, multi-method account location & matching 

• Preserving matching contributions until they can be delivered to a confirmed retirement 

account 

 
 

Finding #5: The Influence of Proactive Policy 

The SMS underscores the importance of policy in: 

• Simplifying the claiming process 

• Enhancing taxpayer awareness of the Saver’s Match 

• Improving availability and timing of W-2 and Form 5498 data to the program provider 

• Encouraging broad adoption among DC and IRA providers 

 

Based on our scenario outcomes, these policy interventions will directly influence the 

proportion of federal matching dollars that reach valid, target retirement accounts.  



I. ABOUT THE SAVER’S MATCH SIMULATION (SMS) 

What is the Saver’s Match Simulation? 

• The SMS is a discrete event simulation model developed by Retirement Clearinghouse 
(RCH) that simulates the operation of the Saver’s Match Program over a period of ten tax 
years, from 2027 to 2036. 

• The SMS simulates the Saver’s Match Program under a specific solutions model envisioned 
by its authors, which includes financial technology that moves contributions forward via a 
transitional Saver’s Match IRA (SMIRA), an operational hub that communicates with multiple 
market hubs, and automated movement of balances to qualified plans, once a target 
account has been definitively located.  

• The SMS simulates the operation of the Saver’s Match program under four separate 
scenarios, consisting of logical combinations of high or low claiming behavior by eligible 
savers, and high or low market adoption by qualified plan providers. 

• As the SMS executes millions of annual events, the simulation software tracks key metrics, 
including the number of eligible savers, the amount of their matching contributions, the 
incidence and duration of transitional SMIRAs, and the movement of SMIRAs into qualified 
plans via the market hubs. 

 

What Framework Does the SMS Simulate? 

The SMS simulates the Saver’s Match Program using the following general framework: 
 

• Requirement to File: To qualify to receive a Saver’s Match, an eligible saver must file 
income taxes with the IRS and must act to claim their matching contribution. 
 

• Use of Saver’s Match IRAs: As tax returns are accepted and approved, federal matching 
contributions are disbursed to Saver’s Match Individual Retirement Accounts (SMIRAs), 
special-purpose transitional IRAs designed to temporarily house matching contributions in 
the name of the eligible saver. SMIRA balances can be transferred to 1) an active defined 
contribution (DC) plan or 2) to an open, traditional IRA.  SMIRAs cannot otherwise be 
disbursed, except under the following exception conditions: 
­ Attainment of age 59-1/2 
­ Total and Permanent Disability 
­ Death 
 

• Application of a Clearinghouse Framework: Operated by the Program and within the 
Federal Boundary, a clearinghouse framework will apply proven technology to perform 
three essential location and matching processes to validate and/or determine the target, 
qualified accounts to which SMIRA balances can be directed: 
1. Target accounts are self-designated by taxpayers, at time of tax filing, and subsequently 

validated by locate and match technology 
2. Target accounts are determined by data from tax forms W-2, 5498 
3. Barring a match from nos. 1 and 2 above, SMIRA accountholder data is ‘broadcast’ to 

participating market hubs, who confirm a match with a qualified retirement savings 
account 

 

• Market Hubs: An automated market hub (for both DC recordkeepers and IRA providers), 
along with a web-based portal represent the endpoints that will receive the simultaneous 
transfer of transaction data and SMIRA balances, to be applied to valid, qualified accounts.  
 
See the diagram below for a summary of the proposed operating framework. 



Figure 1: Simulated Saver’s Match Solution Model  

 
 



What Scenarios Does the SMS Execute? 

The SMS executes four separate scenarios, where two critical elements are subject to sensitivity 
analysis – 1) the percentage of eligible savers who claim a matching contribution (“claiming 
behavior”) and 2) the percentage of market adoption within the designated market hubs 
(“market adoption”). 
 
Combinations of claiming behavior and market adoption yield the four SMS scenarios that 
were modeled: 
 
Scenario 1: High Claiming Behavior / High Market Adoption 
This scenario models the highest claiming behavior, paired with high market adoption, and was 
expected to result in the highest throughput of matching contributions reaching qualified 
retirement plans. 
 
High Claiming: 75% in 2028, climbing to 80% in 2037  
High Adoption: 70% in 2028, climbing to 90% in 2037 
 
Scenario 2: High Claiming Behavior / Low Market Adoption 
This scenario models the highest claiming behavior, paired with low market adoption, and was 
expected to result in the largest number of residual SMIRA accounts at the end of every year. 
 
High Claiming: 75% in 2028, climbing to 80% in 2037  
Low Adoption: 25% in 2028, climbing to 50% in 2037 
 
Scenario 3: Low Claiming Behavior / High Market Adoption 
This scenario models the lowest claiming behavior, paired with high assumed market adoption, 
and was expected to result in the lowest number of residual SMIRA accounts at the end of every 
year. 
 
Low Claiming: 50% in 2028, climbing to 60% in 2037  
High Adoption: 70% in 2028, climbing to 90% in 2037 
 
Scenario 4: Low Claiming Behavior / Low Market Adoption 
This scenario models the lowest claiming behavior, paired with the lowest assumed market 
adoption, and was expected to result in a moderate number of residual SMIRA accounts at the 
end of every year. 
 
Low Claiming: 50% in 2028, climbing to 60% in 2037  
Low Adoption: 25% in 2028, climbing to 50% in 2037 

 

What Key Outcomes Does the SMS Track? 

• Number of taxpayers eligible to receive a matching contribution, based on filing status, 
MAGI and plan contributions 

• Distribution of balances for eligible taxpayers  
• Number of eligible taxpayers who claim a matching contribution (less those with balances 

below $100 who elect to receive a refundable tax credit) 
• Number, timing and balance of funded SMIRAs, based on filings processed  



• Number, timing of downstream SMIRA location & matching events (e.g., via self-
designation of accounts, searches via Form W2 or Form 5498 data, or via wider, broadcast 
locate-and-match operations) 

• Number, timing and balance of SMIRA funds moved to qualified plans, by market hub 

• Number, balance of unmatched SMIRA accounts that remain unmatched at the end of each 
calendar year 

 

What Underlying Data is the SMS Based Upon? 

Key Data Elements  
The key data elements that are supplied to the SMS include: 

• Number of eligible taxpayers, broken down by DC plan savers, IRA savers and Roth IRA 
savers 

• Claiming behavior of eligible taxpayers 
• Percentage of sub-$100 eligible taxpayers who elect to receive a refundable tax credit 

• Distribution of matching contribution balances 

• Timing of approved tax filings 
• Savers-in-Motion Assumptions, including: 

­ Annual turnover (i.e., job changes) 
­ Job-changers who take position with new employer with no plan 
­ Job-changers who retire 
­ Job-changers who become disabled 
­ Job-changers who die 

• Eligible savers who self-designate an account to receive a matching contribution 
• Percentage of eligible savers whose IRA contribution is made during tax filing season 

• Market Hub Characteristics: 
­ Market share of each market hub 
­ Percentage adoption, by market hub 
­ Incremental market adoption, over time 

 
Data Sources  

The SMS relied on a “best available” data standard, prioritizing authoritative public and industry 

sources. 

• IRS Statistics of Income (SOI) 

• IRS Filing Season Statistics 

• Department of Labor Private Pension Data 

• EBRI Saver’s Match sizings and job-changer statistics 

• Georgetown CRI state Roth IRA data 

• ICI IRA sizings 

 

Where no authoritative data source existed, the model used reasonable, speculative estimates. 

 

Please see the following section for more information on key model input data. 

  



II. KEY SIMULATION MODEL INPUT DATA 

 
Number of Eligible Tax Filers, by Source (DC plan, IRA or Roth IRA) 
 
Definition: The total, estimated number of eligible tax filers who will qualify to receive a 
program matching contribution, based on MAGI, filing status and contributions to a qualified 
plan. 
 
Usage in SMS: Since this refers only to “eligible” tax filers, this value is used (along with 
claiming behavior) to calculate the number of tax filers who will actually claim a matching 
contribution. 

 
Approach to Determining Data Values:   
• As a starting point, we used EBRI’s projections in Issue Brief No. 602, which itself used IRS 

data from 2018 

• For DC savers, we applied historical growth from 2018-2022 (DOL Private Pension Data) to 
grow this value by 2.7% per year until 2027, then 1% per year thereafter 

• We estimated significant growth in Roth IRAs due to state-based initiatives, and modest 
growth in traditional IRAs (0.5% per year) 

 
Data Values: 
The figures highlighted in yellow in the table below represent the total number of taxpayers 
who would be eligible to claim a Program matching contribution 

 

 
  



Claiming Behavior of Eligible Tax Filers 
 
Definition: The percentage of eligible taxpayers who will claim to receive a program matching 
contribution. 
 
Usage in SMS: This value is used (along with estimated number of qualifying taxpayers) to 
calculate the total number of tax filers who claim matching contributions. 
 
Approach to Determining Data Values:   

• A range of potential causes were identified for low claiming behavior, including: 
­ Unaware of program 
­ Filing via paper 
­ Filing complexity 
­ Filing barriers (ex. – encounters fee) 
­ Haven’t received Form 5498 for IRA contributions 

• While a “bottom-up” model to calculate claiming behavior was considered, a “top-down” 
approach was employed, as described below. 

 
Data Values: 

• 50% to 60%: “Low” claiming behavior is characterized as starting at 50% for tax year 2027, 
and growing to 60% for tax year 2036, increasing in a straight line 

• 75% to 80%: “High” claiming behavior is characterized as starting at 75% for tax year 2027, 

and growing to 80% for tax year 2036, increasing in a straight line 

 

 
 
Percentage Sub-$100 Recipients Electing Refundable Tax Credit 

 
Definition: The percentage of eligible taxpayers who claim a matching contribution with a 
value of less than $100, who optionally elect to receive a refundable tax credit. 
 
Usage in SMS: Those who claim a matching contribution with a value of less than $100 but 
elect to receive a refundable tax credit are excluded from downstream SMS events (e.g., 
establishment of a SMIRA, location & matching, etc.) 
 
Approach to Determining Data Values:   

• For the purposes of the SMS, we made a global assumption for those who qualify for a sub-
$100 matching contribution will elect to receive a refundable tax credit. 
 

Data Values: 
• 50%: Percentage of those who qualify for a sub-$100 matching contribution who will elect 

to receive a refundable tax credit. 

 
 

 

  



Distribution of Matching Contribution Balances 
 
Definition: The estimated distribution of amounts of matching contributions, by source – DC, 
Roth IRA and Traditional IRA. 
 
Usage in SMS: Used to assign values to matching contributions as the simulation executes. 
 
Approach to Determining Data Values:   

• For DC balances, we utilized data from EBRI’s DC Participants (by AGI, derived from IRS 
data), combined with Vanguard’s How America Saves (HAS) contribution rates 

• For Roth IRA and Traditional IRA balances, we utilized EBRI’s data (by AGI, derived from IRS 
data) and IRA Statistics of Income (SOI) data to derive average contributions 
 

Data Values (after adjustment for sub-$100 Refundable Tax Credits) 
As shown in the table values below, the average matching contribution – across all sources 
(DC plans, Roth IRAs and traditional IRAs) is projected to be $672.  This average figure 
excludes the 50% of eligible taxpayers qualifying for a sub-$100 matching contribution who 
elect to receive a refundable tax credit. 
 

 
 

 



Timing of Tax Filings Processed  

Definition: The timing, by week of year, that taxpayers eligible to receive a matching 
contribution have their tax filings approved by the IRS. 

 
Usage in SMS: Approved tax filings are the trigger for the process to fund a Saver’s Match IRA 
(SMIRA). 

 
Approach to Determining Data Values:   
• We utilized the IRS Filing Season Statistics for 2023, which provides data for all individual 

returns.  Data in the tables allows the calculation of approved returns. 
• We only used timings for the main tax filing season (i.e., through April). 

 
Data Values: 
 

 
 

 

Market Hub Adoption 

Definition: Market Hub Adoption is a progression of several key measures that ultimately 
facilitate the ability of SMS model to locate-and-match SMIRAs across multiple market hubs.   
 
These measures include: 
a. Designation of Market Hubs 
b. Market Share of Each Market Hub (DC, IRAs) 
c. Market Hub Percentage Adoption (by year) 
d. Odds of a Network Match (by year) 

 
Usage in SMS: Each market hub is established in the SMS, and the odds of a broadcast locate-
and-match is the key variable utilized for the purpose of matching SMIRAs with associated 
market hubs. 
 
Approach to Determining Data Values:   
• Designation of Market Hubs: We defined two likely market hubs, including: 

­ DC, IRA Recordkeepers (Automated) 
­ Other Providers (Portal) 

• Market Share of Each Market Hub: We assigned each hub a market share, based on the 
assumed market share that they will represent – of either the DC or the IRA market – at 100% 
adoption. 

• Market Hub Percentage Adoption: We then assigned yearly, projected adoption values 
to each market hub, representing the portion of their market share that has adopted, up to 
the maximum market share that they represent. 

• Odds of a Network Match: Finally, based on each hub’s respective market share and their 
percentage adoption, we calculated the odds of a network match for matching 
contributions.  

 
 



Eligible Tax Filers Who Designate a Target Account 

 

Definition: The percentage of tax filers who self-designate a qualified retirement savings 

account to receive their federal matching contributions.   A related component identifies the 

percentage of those that are valid. 
 

Usage in SMS: Used to drive the probabilities of a match in the initial, targeted matching 

phase, based on taxpayer-supplied designated accounts. 
 

Approach to Determining Data Values:   

These are largely speculative values but are based upon the 81% of BRT-RCH Saver’s Match 

Survey respondents who indicated that, although they didn’t readily know details about their 

target account, they felt confident that they could obtain the details if required. 
 

Data Values:  
 

 
 

Savers-in-Motion 

 
Definition: Eligible savers who experience job transitions during the tax year, the filing season, 
or ongoing. 
 

Usage in SMS: The percentage of job-changers is identified to the SMS model. Of the total 
number, we also identify a subset we term “job churn” which represents the movement to a 
new employer, along with enrollment in a new employer’s DC plan. 
 

Approach to Determining Data Values:   
• We utilized EBRI leave ratio data from the Auto Portability Simulation (APS), using sub-

$15,000 balances (25% per year) as a proxy for eligible tax filers.   
• We then adjusted this figure to: 

‒ Identify those job-changers who would move to a new employer and enroll in their DC 
plan. 

‒ Express the values as monthly constants to the SMS model 
 

Data Values: 
• 2.08%: Job-Changing (consistent with EBRI Leave Ratio) 

• 1.77%: Job Churn 

  



III. SIMULATION RESULTS 
 

Key Findings, By Scenario 
 

Scenario 1: High Claiming / High Adoption 

 
 

 
 

Discussion: 

This scenario could be characterized as the best-case scenario that was modeled, as it was 

expected to result in the highest throughput of matching contributions reaching qualified 

retirement plans. Of all scenarios modeled, it produced the strongest 10-year performance, 

with: 

 

• 207.3 million: SMIRAs funded from matching contributions, representing $139.1 billion 

• 198.4 million: Matched SMIRAs, representing $133 billion 

• 8.9 million: Residual, unmatched SMIRA accounts, representing $5.9 billion 

• Match rates > 100%: In years 7-10, due to cross-year matching effect 

• Synergy effect: Strong match rates due to synergy between taxpayer behavior and 

provider integration 



Scenario 2: High Claiming / Low Adoption 

 

 
 

Discussion: 

This scenario was viewed as a “stress test” as it combines high front-end claiming rates (as 

modeled in Scenario 1) along with low back-end adoption by providers.  Low market adoption 

suppresses match rates, meaning that the most significant volumes of contributions remain in 

SMIRAs unmatched.  Despite this, over 10 years almost 3 out of 4 matching contributions are 

eventually matched and transferred to target retirement savings accounts. 

 

• 207.3 million: SMIRAs funded from matching contributions, representing $139.1 billion 

• 155.2 million: Matched SMIRAs, representing $104.2 billion 

• 52.1 million: Residual, unmatched SMIRA accounts, representing $34.9 billion 

• Match rates > 90%: In years 8-10, due to cross-year matching effect 

 

  



Scenario 3: Low Claiming / High Adoption 

 

 
 

Discussion: 

Market adoption improves matching, but overall contribution volumes are materially smaller 

due to reduced taxpayer claiming. However, the combination of low claiming plus high market 

adoption did result in the lowest number of residual, unmatched SMIRAs. 

 

• 147.3 million: SMIRAs funded from matching contributions, representing $98.8 billion 

• 140.9 million: Matched SMIRAs, representing $94.6 billion 

• 6.4 million: Residual, unmatched SMIRA accounts, representing $4.2 billion 

• Match rates > 100%: In years 8-10, due to cross-year matching effect 

 

 

 

 

 

 

 



Scenario 4: Low Claiming / Low Adoption 

 

 
 

Discussion: 

From a public policy perspective, Scenario 4 represents a worst-case scenario, as it combines 

low claiming behavior, paired with low market adoption by providers. Not surprisingly, the 

combination produced the lowest total matches and the second-highest volume of unmatched 

SMIRAs (behind Scenario 2), reflecting the combination of minimal taxpayer engagement and 

provider participation.  As was the case with Scenario 2, over 10 years almost 3 out of 4 

matching contributions are eventually matched and transferred to target retirement savings 

accounts. 

 

• 147.3 million: SMIRAs funded from matching contributions, representing $98.8 billion 

• 110.1 million: Matched SMIRAs, representing $73.9 billion 

• 37.2 million: Residual, unmatched SMIRA accounts, representing $24.9 billion  



IV. CONCLUSIONS 

The Saver’s Match Simulation (SMS) provides a comprehensive, data-driven view of how the 

federal Saver’s Match Program is likely to perform under a variety of behavioral and operational 

conditions. Across ten years of modeled activity and more than 700 million simulated matching 

events, the results reveal five core insights essential to the long-term success of the program. 

 

A Clearinghouse Framework Is the Foundation for Scalable, Accurate Program 

Operations 

The simulation validates that a centralized clearinghouse – supported by a transitional Saver’s 

Match IRA (SMIRA) — is not simply advantageous but necessary for processing the program’s 

projected volume. The clearinghouse model is the only tested, production-ready framework 

capable of: 

• Managing millions of small-dollar transactions annually 

• Locating and validating accounts across a highly mobile workforce 

• Preventing errors that would otherwise strand or misroute federal dollars 

• Supporting multi-step, multi-source matching (self-designated, data-driven, and market-

hub-driven) 

 

In short, the clearinghouse + SMIRA combination provides the operational backbone required 

for a reliable national program. 

 

Claiming Behavior and Market Adoption Drive Overall Program Performance 

The SMS shows that system throughput—how many contributions ultimately reach qualified 

retirement accounts—is overwhelmingly determined by two variables: 

• Taxpayer claiming behavior 

• Market hub adoption by DC and IRA providers 

 

High claiming, paired with high market adoption (Scenario 1) produced the strongest results 

by far, with more than 198 million matches and over $133 billion delivered. 

 

Conversely, low claiming and low adoption (Scenario 4) generated the weakest outcomes, 

even though roughly three-quarters of contributions eventually found a home. 

These findings point to a simple truth: the Saver’s Match Program succeeds when both 

individuals and providers participate. 

 

Match Rates Consistently Exceed Adoption Rates — Even in Low-Adoption Scenarios 

A noteworthy SMS insight is that match rates routinely surpass underlying adoption rates. 

Several mechanisms create this accelerating effect: 

• Multiple matching pathways (self-designation, W-2/5498 data, broadcast matching) 

• High levels of job mobility, which create fresh matching opportunities 

• Multi-year overlap of participating taxpayers, allowing unmatched SMIRAs to be 

successfully matched in future years 

 



As adoption grows over time, this compounding effect becomes even more pronounced. 

 

The Saver’s Match IRA (SMIRA) Is Central to Program Stability 

SMIRAs serve as the program’s “safe harbor,” allowing contributions to be received instantly — 

even before a final destination account is confirmed. 

 

In the simulation, SMIRAs played four essential roles: 

• Protecting federal contributions while account matching occurs 

• Enabling the clearinghouse to perform automated, multi-path matching 

• Buffering private-sector providers from federal operational complexity 

• Ensuring dollars are not lost, misapplied, or prematurely distributed 

 

Without a transitional SMIRA, millions of matches would not occur. 

 

Policy Choices Will Meaningfully Influence Outcomes 

The SMS demonstrates that the Saver’s Match Program’s long-term success is highly sensitive 

to several policy levers, including: 

• Simplification of the claiming process 

• Increased taxpayer visibility and education 

• Improved timing and accessibility of W-2 and 5498 data 

• Incentives that accelerate market-hub adoption 

 

Strategic policymaking in these areas directly increases the proportion of federal matching 

dollars delivered to retirement accounts—particularly for lower-income households who benefit 

most. 

 

A System Capable of Advancing National Retirement Security 

Across all modeled scenarios, the SMS confirms that—with sufficient adoption and 

engagement—the Saver’s Match Program can: 

• Significantly boost retirement savings for lower- and moderate-income workers 

• Reduce systemic leakage and account fragmentation 

• Deliver federal dollars accurately and efficiently 

• Improve program economics through higher matching efficiency over time 

 

The simulation indicates that a clearinghouse-led system anchored by SMIRAs is both 

operationally sound and capable of fulfilling the program’s public-policy objectives at national 

scale. 
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